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The liberalization of the electricity market intensifies the competition for investors
in the Russian energy market, for which the financial stability of energy companies is
an important criterion. The paper presents the mathematical modelling of integrated
assessment of the default risk level of Russian energy companies, taking into account
their specific characteristics: type of the energy business, form of ownership, and regional
specific. The research is based on the industry approach to the diagnostics of default risk
level of energy companies. The approach includes the logit-model and assessment of the
coefficients significance. The complexity of this model is conditioned by the study of external
and internal financial and economic indicators, as well as qualitative criteria based on
the introduction of dummy-variables. Four groups of default risk level of Russian energy
companies are proposed. The use of mathematical modelling tools increases the accuracy of
assessing the financial insolvency of energy companies in comparison with the traditional
methods. Therefore, the proposed approach is novel, relevant, and practically significant.
Research veracity is confirmed by the practical implementation. We recommend the use of
the proposed methodology in assessment of the current state and development strategy of
Russian energy companies, as well as by investors and analysts to make financial decisions.

Keywords: energy; energy business; default; probability of default; investments; risk;
logit-model; modelling.

Introduction

The long period of reforming the Russian energy market led to the liberalization of
the electricity market. This contributed to the development and increased competition
in the Russian energy market. As a result, the problem of the energy companies to find
private and, as a rule, expensive capital for current activities and for the implementation of
investment programs becomes complicated. However, financial stability and level of credit
risk of energy companies are important criteria in making final decisions by investors.
In this regard, the problem of objective assessment and reduction of default risk level
of Russian energy companies in the investment activities is very relevant and practically
significant. The solution consists of two stages.

1. Methodical Approach to Assessment of Default Risk Level
of Russian Energy Sector

The study of default risk level of Russian energy companies is based on the assessment
of the forecast logit-model [1-4]: .
- 1
1+ev’ (1)
where PD is Probability of Default of energy company, and is measured in specific weight
according to (2):

PD
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(2)

_ J from0, if value of PD of energy company is minimum,
) tod, 1f value of PD is maximum;

e is the base of natural logarithm; Y is an integral indicator estimated for the proposed
model by formula (3):

where X;; is a value of j-th financial indicator for i-th company; b; is an evaluation of
significance of j-th coefficient.

Calculation of the probability of default of Russian energy companies is based on
model (4) taking into account the specific characteristics of the Russian economy and
energy market [5]:

11
Y =—ap— Y a; K, (4)
i=1
where ag, ay,...,ay; are industry-specific constants of significance of the coefficients (for
the fuel and energy complex), and coefficients Ky, K, ..., K1y are as follows.

The qualitative assessment of Russian energy companies is provided by coefficients
K, Ky, K7. Namely, K; takes into account the “age” factor of the energy company and
takes the value in accordance with conditions (5):

(5)

K {0, i.f the company was created more than 10 years ago,
1 pu—

1, i f the company was created less than 10 years ago.

K, is a coefficient of the credit history of the energy company (6):

(6)

o 0, ©f company has positive credit history,
? 1,1f company has negative credit history.

K7 is a coefficient of the regional affiliation of the company (7):

(7)

% {0, 1f the company is located in Moscow or SaintPetersburg,
7 pr—

1,2f the company is located in another city.

The quantitative assessment is based on calculation of others exogenous and
endogenous financial and economic coefficients. Namely, K3 is a coefficient of the current
liquidity of the energy company; K, is a ratio of profit before repayment of tax and
interest paid in the company for the period; K5 is the weighted average capital of the
company calculated as K5 = In(3 5, (ECp)), where ECj is the equity capital of the
energy company for the [-period; Kj is the weighted average key interest rate of the
Central Bank; Kg = ROA (Return on Assets); Ky = ROE (Return on Equity); K is the
growth rate of equity capital of the energy company; K;; is the growth rate of assets of
the energy company for the period. Table 1 presents the distribution of industry-specific
constants taking into account the specific features of fuel and energy complex.

The proposed model allows to define conditions (2) more exactly, therefore for the
probability of default of energy company we have (8):

( [0;0,2), if therisk of defaultis minimal,
0,2;0,4), if therisk of default is low,

[
PD = <10,4;0,6), if therisk of defaultis average, (8)
[0,6;0,8), if therisk of default is high,
L[0,8;1], if therisk of default is mazimum.
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Table 1

The value of the constant coefficients of the model for fuel and energy complex

Indicator | ag ay as as ay as

Value 30,7371 3,7033 8,9734 —8,6711 —7,0110 —1,6427
Indicator | ag ar as Qg alo an

Value —0,1399 —0,6913 —5,0894 —15,3882 | 7,3667 —22,0294

2. Practical Assessment of Default Risk Level
of Energy Companies

We chose Russian energy companies, covering all possible types of energy business
in the regions of Russia, as the objects of research. The default risk level of the energy
companies was assessed for the period from 2014 to 2017. To this end we used annual
reports of the energy companies. The obtained results allow to group the energy companies
into four groups, depending on the dynamics of the default indicator (Tables 2 — 5).

Table 2
Default risk level of energy companies: constant minimum value
Characteristic Conditions

Ne | Company 2014 | 2015 | 2016 | 2017 of default 7 513

1 | JSC — —0,00] —0,00{ —0,00 Minimum value 1 ]2 1
“SibGenCo”

2 | LTD —0,00| —0,00{ 0,00 | 0,00 1 12 |3
“Bashkirenergo”

3 | LTD “Lukoil- | — —0,00{ 0,00 | 0,00 1 12 |4
ES”

4 | PJSC “MOEK” | — —0,00] —0,00{ —0,00 2 |1 1

5 | JSC  “MRSK | — —0,00] —0,00{ —0,00 2 |2
Ural”

6 | PJSC “Fortum” | — 0,10 | 0,10 | 0,10 1 2 1

7 | PJSC — —0,00] 0,00 | 0,00 2 |2 1
“Yakutskenergo”

8 | JSC “Concern | —0,00 0,00 | —0,00] — 2 1 1
Rosenergoatom”

9 | PJSC 0,00 | —0,00{ 0,00 | — 2 |1 1
“RusHydro”

10 | JSC “SO UPS” | — 0,00 | 0,00 | —0,00 Minimum value | 2 1 4

11| JSC — 0,0001| 0,00 | 0,0015 Slight increase |2 |2 3
“Omskenergy”

For further analysis, the energy companies are provided with values on three criteria in
accordance with the conditions (9) — (11):

Form of ownership = {

1 — private capital,

2 — preferably public capital;

(9)
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1- M
Regional speci fic = 05eot, . (10)
2 — another city;
(1 - generation, transmission,
distribution of energy,
Type of the energy business = < 2 — trading in the market, (11)
3 — energy transmission,
| 4 — other types.
Table 3
Default risk level of energy companies: sudden changes in the indicator
Characteristic Conditions
Ne | Company 2014 | 2015 | 2016 | 2017 of dofault T T5 T3
1 | JSC “KGEC” — — — no data Sudden chanees 1 12 1
0,00 | 1,00 |0,00 &
2 | PJSC“T Plus” | 0,20 | 0,00 |0,95 | — 1 1 |1
Table 4
Default risk level of energy companies: sudden increase to a maximum value
Characteristic Conditions
Ne | Company 2014 | 2015 | 2016 | 2017 of default T 15 T3
1 | JSC “ATS [ 0,00 | 0,00 |1,00 | — Sudden 2 |1 |2
Energo” increase to
2 | JSC “YUTK” 0,00 |0,00 | 1,00 |- a maximum | 2 2 |12
value
Table 5
Default risk level of energy companies: sudden decrease to minimum value
Short Conditions
Ne | Company 2014 | 2015 | 2016 | 2017 characteristic 1 5 13
1 | JSC “BashES” | 1,00 | 0,00 | 0,00 | — Sudden 1 (2 |3
decrease to
2 | Group “Inter | — 1,00 | 0,00 | 0,00 a minimum | 2 1 1
RAQO” value

As a result of the assessment of default risk level, we conclude the following. First,
there is not constant maximum or highest value of default of energy companies. Second,
public energy companies have less level of risk than private ones. Third, the companies-
organizers of trading in the market has the greatest probability of default among all types
of the energy business. Finally, we did not reveal strict relationship between regional
specific and default risk level of Russian energy companies.
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Conclusions

1. We solved the topical problem on research of the default risk level of Russian energy
companies on the basis of the industry logit-model.

2. We investigated dependence between the level of default of energy companies and
their specific characteristics.

3. We recommend to use the obtained results in strategic programs for the development
of Russian energy.
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N CCJIEAOBAHUE JE®OJITHOCTU POCCUNCKON SHEPTETUKIA

B.I'. Mozxzose', I.C. Yebomapesa?

'HOzkn0-Ypaabcknii TocyIapcTBeHHbIH YHUBEpCHTeT, . Yea0uHCK,
Poccniickas ®enepariust

2Vpanbekuit degepaabublil ynusepcuTer, I. EXaTepunoypr,
Poccniickas ®enepariust

JIubepasm3arus peHKA JIEKTPUIECKON SHEPIUU aKTUBU3UPYET O0OPHOY 3a MHBECTOPOB
HA OTE€YECTBEHHOM HEPIOPBIHKE, IjIsi KOTOPBIX BaKHBIM KPUTEPHUEM siBJISIeTCsl (DPUHAHCO-
Basl yCTONYUBOCTH dHeprokoMmanuii. Crarbsi COMEPKUT MATEMATUIECKOE MOJEJMPOBaHUE
KOMIIJIEKCHON OTIEHKHU YPOBHS JIeOJITHOCTA POCCUACKUX SHEPreTUICCKUX KOMITAHUN C yUe-
TOM UX CrHenupUIeCKNX XapaKTepPUCTUK: cdepbl 3HeprobusHeca, poOpMbl COOCTBEHHOCTU U

PEeruoHaJbHOM IPUHAJIEXKHOCTU. B OCHOBY MCCJIEIOBAHUS TIOJIOZKEH OTPACJIEBOI OIXO0 K
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JIMATHOCTHKE J1eDOJITHOCTH SHEPrOKOMITAHWI, OCHOBAHHBI Ha, [0git-MOJIE/IN U OTIEHKE 3HAYU-
MOCTH BKJIIOYEHHBIX K03(MuimeHToB. KOMIIEKCHOCTD JAHHOW MOJEIN O0YC/IOBICHA W3-
YeHMEM BHENHUX W BHYTPEHHUX (DUHAHCOBO-9KOHOMHUYECKHUX ITOKA3aTesel, a TaKXkKe Ka-
YeCTBEHHBIX KPUTEPUEB HA OCHOBE BBEIEHWs dummy-lepeMeHHbIX. [IpejiozKeHbl YeThipe
IPyIIbI 1eOJTHOCTA OTEYeCTBEHHBIX SHEProKoMItanuii. Vcoib30BaHne HHCTPYMEHTapUsI
MaTeMaTUIeCKOr0 MOJIEJIMPOBAHNUSI IIOBBIIIAET TOYHOCTD OIEHKYU (DUHAHCOBOM HECOCTOSATE b
HOCTH CyOBEKTOB XO3SCTBOBAHUS B CPABHEHUHU C TPAJUIIMOHHBIMU METOJAMH, 9TO OTPa-
JKaeT HOBU3HY, aKTYAJbHOCTD U MPAKTUIECKYIO 3HAUMMOCTD IIPEJJIOKEHHOr0 moaxoa. Jlo-
CTOBEPHOCTD PE3YJIHTATOB UCCJIEIOBAHUS TIOJATBEPKICHA IPAKTUIECKON peasn3alueii. Pas-
pabOTaHHYIO METOIUKY PEKOMEHJIYeTCs UCIIOJIb30BaTh P OIEHKE TEKYIIEro COCTOSHUS U
pa3paboTKe CTpaTeruu pasBUTUsl OT€UECTBEHHBIX SHEPIOKOMIIAHUN, & TaKKe HHBECTOPaM U
aHAJMTUKAM B TIPOIECCe MPUHATUS (PUHAHCOBBIX PEIIEHUI.

Karoueswie crosa: anepzemura; snepzemuveckuti busnec; 0edoam; Geposmmocms de-

Ppoama; unsecmuyuu; puck; logit-modeav; modesuposarue.
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